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Table 3 14 SFETORME (%]

3s 10s 30s

128 GMM-SV (R—Z7 1 V)
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27.34 4092  52.73
23.77 3596  47.45

128 GMM-SV + 128 GMM-STR (2% Fik)  27.71  41.71  53.20

1024 GMM-SV (R—=Z5 1 V)

31.00 44.76  57.88

1024 GMM-SV + 128 GMM-STR, (f8%£F%) 30.86 46.99 58.25
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