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Predicted Result using GMM-LR

g 4

c

[}

< 3

2 £
@ ol , i ¥
<

= “t**@%ﬁ %ﬁ:*
© * g% S W

> 1 ** B K x %

o * * % *ﬁ **
(o)} * 4 * *

c 0 * £ * g

= *

o1t S

s * *»:«***

8 2| 5. R=085
[}

3—37* M- <

[

>

<4 2 2 4

0
Predicted score

Fig. 1 GMM-LR IZ & % 275 5 & IS 3
Predicted Result using SV-SVR
g 4 . . .
5 3
2 s
22 e
= *M L *
g 1 * if;ﬁi** X %
° * ::* * f
20 Fy ﬁ%*% *
= et
g =17 < *x %%
5] e * X
& -2r N g R=0.89
2 £ 0%
2o
[
>
<4 .
4 2 2 4

0
Predicted score

Fig. 2 SV-SVR IT & % &7 L & RS SR

T, BEHUGEER & ORHBIE KL O R EICB LT,
IO ERELRERERL LB TER,

FEROMGRIK T, FRofil, Ftoifli, Hicik
i Lol 7 -t koTw 5 1], A
METIEE L Ic>uTiE—YiMn s 59, Zhic
DVNTHMETE2FETH 5,

SE 3Rk

(1] B, “MER—PEREEE (MtF) oIt
T 5 MR O HEhHEE”, [E9%8ER SP2005-
189, 29-34, 2006.

N. Minematsu et al., “Development of a feminin-
ity estimator for voice therapy of gender iden-
tity disorder clients,” in Speaker Classification
IT, LNAI4441, 22-33, Springer, 2007.

T. Kinnunena et al., “An overview of text-
independent speaker recognition: from features
to supervectors,” Speech Communication, 52,

12-40, 2010.

W.Toshiya et al., “Investigations of features and
estimators for speech-based age estimation,” in
Proc. of the Second APSIPA Annual Summit
and Conference, 470-473, 2010.

2012479 A



