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Abstract In this paper, we investigate the effects and problems of MLLR speaker adaptation when applied to
pronunciation evaluation on shadowing and reading aloud. Automatic scoring and error detection experiments are conducted
on two databases of Japanese learners’ English pronunciation. As we expected, over-adaptation causes misjudge of
pronunciation accuracy. Following these experiments, two novel methods, Forced-aligned GOP scoring and
Regularized-MLLR adaptation, are proposed to solve the adverse effects of MLLR adaption. Finally we examine how the
automatic scores, the conventional GOP and proposed F-GOP, change according to the cognitive loads posed on learners. Experimental
results show that shadowing can better reflect the learners’ true proficiency than reading aloud, and by selecting native
utterances of adequate semantic difficulty, the evaluation performance by shadowing is even improved.
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